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Thefirgt dataset showshow arandom sampleof twenty-fivelocal newspapers covered arandom sample
of twenty-five representativesfor nearly two years. The data set, which congsts of 8,003 articles, contains
every newsstory, editorial, opinion column, letter, and list in alocal newspaper that mentioned alocal
representative between January 1, 1993, and November 8, 1994.

The second data set shows how twelve newspapers — a random sample of six newspapers and six
competing papersfrom the same cities— covered arandom sample of six representativesfor nearly two
years. The dataset, which conssts of 2,175 articles, contains every news story, editorial, opinion column,
letter, and list that mentioned alocal representative between January 1, 1993, and November 8, 1994.

Selecting Newspaper s

The sample of newspapersfor thefirst dataset was selected in 1994. At that timetherewere 1,567 daily
newspapers in the country with combined circulations of 57 million copies." Eighty-eight of these
newspapers had electronic archives for 1993 and 1994 that were searchable through the DataTimes
divison of the Dow JonesNews Service or the Nexis service of Reed Elsevier’ sLexis-Nexis. My amwas
to draw asample of these eighty-eight newspapers that was a reasonabl e approximation of the universe
of al daily papers. The good newswasthat the eighty-eight papersincluded 38 percent of thetotal daily
circulation in the country, despite the fact that they represented only 6 percent of al daily papers? This
followed from the fact that amgjority of citizens read a newspaper with adaily circulation of more than
100,000 copies, and large newspapers were overrepresented among the elghty-eight papers. The bad
news was that smaller newspapers were underrepresented in the electronic archives, and smaller
newspapers tend to serve small citiesand rurd areas. In order to draw a sample of newspapers that was
representative of what the average citizen reads, | rank-ordered the 1,567 papersaccording to circul ation,
and then grouped the papersinto approximate sextiles so that each group represented about one-sixth of
thetotal daily circulation in the country. | then highlighted the eighty-eight archived paperswithinthe
various sextiles. Given that the two lowest sextiles contained only seven of the eighty-eight papers, |

These figures exclude three papers that do not publish local editions — USA Today, the Christian
Science Monitor, and the Wall Street Journal.

The eighty-eight newspapers are distributed among the sextiles as follows: (a) 8 of 11 papers of greater
than 500,000 circulation are included, representing 77 percent of the circulation in the highest sextile, (b) 24 of
30 papers of between 250,001 and 500,000 are included, representing 81 percent of the circulation in the fifth
sextile, (c) 33 of 73 papers of between 100,001 and 250,000 are included, representing 51 percent of the
circulation in this sextile, (d) 16 of 130 papers of between 50,001 and 100,000 are included, representing 15
percent of the circulation in this sextile, (e) 6 of 236 papers of between 25,001 and 50,000 are included,
representing 3 percent of the circulation in this sextile, and (f) 1 of 1,087 papers of |ess than 25,000 is included,
representing less than 1 percent of the circulation in the lowest sextile.
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combined these two sextilesinto asinglegroup. | then randomly selected five papersfrom each of thefive
groups.® Table A lists the twenty-five newspapers, grouped into the six circulation sextiles.

The twenty-five newspaperswere adiverselot. The sampleincluded large national papers likethe Los
Angeles Times and the Boston Globe, mid-sized papers like the Hartford Courant and the Tulsa World,
and small-city papers like the Rock Hill Herald (South Carolina) and the Lewiston Morning Tribune
(Idaho). Although very small newspaperswere necessarily absent, theinclusion of afew small papers
alowsoneto determineif small newspapers covered House membersdifferently than large newspapers.
The sample also contained various types of papers and not just the most celebrated newspapersin the
country. Itincluded tabloids, such asthe Chicago Sun-Timesand Newsday, rather than their highbrow
competitors, the Chicago Tribune and the New York Times; it included the upstart Washington Times
rather than the Washington Post. The samplewas a so geographically diverse, with newspapersfrom
elghteen states and the nation’ scapital. Thenewspapers sold nearly seven million copies daily — about
12 percent of the nation’stotal daily circulation. The sample was not as diverse as one would have
obtained if one selected a stratified random sample from the complete list of 1,567 newspapers. Taking
that route, however, would have required searching most newspapers manually, which would have
necessitated a much smaller sample and a much shorter time frame.

The sample of newspapersfor the second data set was chosen by first identifying each newspaper in the
first data set for which there was acompeting paper from the same city.  Eight cities— Boston, Chicago,
LosAngeles, Phoenix, San Francisco, Seattle, Tucson, and Washington — had competing paperswith
electronicarchives. | randomly selected six of these papers.* The second dataset containstwel ve papers,
six from the first data set and six competing papers (Table B).

Selecting Representatives

Prior to sel ecting the twenty-five newspapers, | first identified the primary circulation areafor each of the
elghty-eight papers, and thenidentified the congressiond districtswithineach circulationarea. Matching
newspaper circulation with congressiona districtsismore art than science because newspapers do not
disclose circulation data by district. The matching was done with two maps, oneidentifying the locations

*The original sample included the Bangor Daily News and the Evansville Courier, both from the third
sextile. After using their computerized archives for awhile, | realized that the two data sets did not actually begin
until the middle of 1993. | then substituted the next two random choices from this sextile, the Norfolk Ledger
Sar and the Bloomington Pantagraph, both of which included coverage from the start of 1993.

“The Arizona Daily Sar, Boston Herald, Chicago Tribune, San Francisco Examiner, Seattle Post-
Intelligencer, and Washington Post. The two competing papers that were not selected were the Arizona Republic
(Phoenix) and the Los Angeles Daily News.
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of astate’ snewspapers, the other identifying thelocations of astate’ scongressiona districts. For each
newspaper, | identified from oneto fifteen digricts as being within the primary circulation area by using four
decisonrules (@) include each digtrict that includes any part of anewspaper’ shome city; (b) include each
digtrict that includes asgnificant portion of acity’s suburbs; (¢) avoid matching asuburban district with a
city’ snewspaper if thesuburban areahasits own newspaper included among the eighty-eight papers;® (d)
avoid crossing state lines unless ametropolitan areais heavily concentrated in aneighboring state.® These
four rulesidentified 213 districts aswithin the primary circulation areas of the eighty-eight newspapers,
ninety-one districts were within the primary circulation areas of the twenty-five selected papers.” | then
selected randomly one representative for each of the twenty-five newspapers. Table A liststhetwenty-five
representatives and the newspapers that covered them.

The twenty-five House members were reasonably representative of the whole House. The match in party
and seniority was especialy good. Fourteen representativesin the samplewere Democrats (56 percent),
just shy of their actud percentagein the House (60 percent). The median representative in the sample was
elected in 1986, as was the median member of the House. Two representatives in the sample, James
Bilbray and Larry LaRocco, ran for reelection and lost, exactly matching the percentage for thewhole
House. Retiring memberswere underrepresented (only Romano Mazzoli), women were underrepresented
(only BarbaraKenndlly), and black memberswere overrepresented (Ronald Dellums, Louis Stokes, and
Albert Wynn). Two of the twenty-fiverichest didtrictsin the country madethelist (CA24 and NY 3); none
of the twenty-five poorest districts did.

Selecting Articles

Computerized text searching alows oneto examine directly anewspaper’ sarchives, searching for every
mention of arepresentative’ sname. Oneisnot dependent on someindexer noticing arepresentative’ s

This restriction applied only to the two largest metropolitan regions, New Y ork and Los Angeles; it is
the principal reason why my list matching congressional districts with newspapers is shorter than lists published
elsewhere (e.g., Congressional Districts in the 1990s (Washington: Congressional Quarterly, 1993)). The
restriction removed twelve districts in Californiafrom the two Los Angeles papers, assigning them to the Orange
County Register, the Riverside Press-Enterprise, and the San Diego Union Tribune. It removed five districtsin
New Jersey and five districts on Long Island from New Y ork City’s paper, assigning them exclusively to the
Bergen Record, the Newark Star-Ledger, and Long Island’s Newsday. The purpose of the restriction was to
ensure that my study focused on representatives that editors were most likely to consider newsworthy, alowing
editors in large metropolitan areas to assume that their suburban competitors would take primary responsibility
for more distant representatives.

®The five exceptions are the metropolitan areas surrounding the river-front cities of Cincinnati, Kansas
City, Louisville, St. Louis, and Washington, the home cities for seven of the eighty-eight newspapers.

"The number of congressional districts listed in Table A totals 92 because it counts twice Arizona's
second district, located within the primary circulation areas of both the Phoenix and Tucson papers.
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nameand considering it important enough toincludein an officid index. Computerized searching, however,
requiressome skill. Not only isthere no index, thereisno smple command that can locate every article
that mentions a particular legidator. The basic problemisthat legidators are known by variants of their
names, and they share their various names with others. Representative Baker may be referred to as
Richard H. Baker, Richard Baker, Rich Baker, Rick Baker, Dick Baker, or Representative Baker (and
inalist asBaker, Richard H.; Baker, Richard; Baker, R.H.; Baker, R.; Baker, D.; or Baker); he should
not be confused with Dick Baker who just won thefifth-grade spelling bee, Rick Baker who scored twenty
points in high school basketball, Richard Baker who was a pall bearer at alocal funeral, or Baker,
Richards, Smith, and Wollensky who represent a firm filing for bankruptcy.

| began the project by experimenting with various search commandsin order to devise efficient search
routinesfor locating articlesabout legidators. | eventually devel oped atwo-stage process. Inthefirst
stage, | searched anewspaper’ sarchivesfor any mention of arepresentative’ slast name occurring within
threewords of any mention of either hisfirs name or any plausble nickname. | then downloaded €ectronic
versions of these articles, printed them with the representative’ s last name in boldfaced capitals, and
manually removed those articles that did not actually mention the representative. 1n the second stage, |
searched a newspaper’ s archives for any articles that mentioned a representative’ s last name without
mentioning hisfirst nameor nicknamewithin threewordsof hislast name? Of course, most of thecitations
from this second search should be errors, so | smply scanned them on the computer screen, looking for
genuinereferencesto the representative. 1f | found substantial numbers of genuine citations, typically
becauseanewspaper publishesroll-call listswithout first names, | downloaded the genuine articles, letters,
or liggs. If I found only afew genuinecitations, | did not bother to download them. Most of the occasiond
referenceswere in letters to the editor that referred smply to Representative Smith; these occasional
references never amounted to more than two percent of a representative’ stotal citations.

Theregiona editions of some newspapersand the successivetimed editions of others presented different
challenges. Newspapersdid not archive the completetext of each different edition they produced. They
archived the completetext of oneedition, and any articlesthat may have appeared in adifferent format in
some other edition. The Houston Chronicle, for example, archived its“Two Star” edition, and then
included any articlesfrom the later “Three Star” or “Four Star” editions that were not identica to the ones
in the earlier edition. For alate breaking story, we might find a short story with a quotation from
Representative Archer in the early edition, that was then supplanted by longer stories in the next two
editions. Sincel assumethat few Houstonians read multiple editions of the daily newspaper, | removed
al articlesthat were essentialy early versions of aday’sfina story. The San Diego Union-Tribune

8Actualy, | used a variety of methods to conduct the second-stage searches, especialy for
representatives with common names (Baker, King, Quinn) or with names that are common words (archer, baker,
stokes). Since | was mostly looking for lists of roll-call votes, and such lists generally included severa area
representatives, | searched for a representative’s last name within 100 words of the last name of the
representative in the adjacent district.
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published as an al-day newspaper, with up to nine editions over a twenty-four-hour period. For
newspapers of thistype, | considered articlesto be duplicatesif they were repeated at any time over a
completetwenty-four-hour cycle(i.e., even on the next day); | kept thelongest version and discarded the
rest.

Newspapers with multiple regional editions created their own problems. The Los Angeles Times, for
example, published separate daily editions entitled Home, Orange County, San Fernando Valley, San
Diego County, and VenturaCounty, aswell as specia sectionsfor Glendale, Long Beach, San Gabriel
Vadley, Southeast, and Westside. The same basic article might appear in several editions but with local
twiststo meet local interests. A long article that focused on Representative Beilenson’s efforts on
immigration might gppear intwo dightly different versonsin the Venturaand Valey editions, both of which
circulated in hisdistrict, and then appear in other editions as a shorter article, giving less detail about
Beilenson. Sincel assumethat few Californiansread multiple editions, | removed from the sampleall
articlesthat were essentially duplicates of thelongest version of aday’ s particular story. | retained the
longest version becauseit was usudly the onethat circul ated within the representative’ s own congressiona
district.

The search of twenty-five newspapersfrom January 1, 1993 to November 8, 1994 found 8,258 articles
using thefirst search method. My assistants and | removed 455 articles because they were essentially
duplicatesof articlespublished in other editionsand 96 articlesbecause they mentioned someone other than
the selected representatives.” This sample was then supplemented by the 296 articles obtained with the
second search method. The final sample size turned out to be 8,003 articles.

The procedures used for finding articlesin the second data set were identical to the procedures used for
thefirst. The second data set consistsof 2,175 articles— 1,053 from the six original papersand 1,122
from the Sx comparison papers. The second data set contains 2,064 articles obtained from thefirst search
method. and 111 from the second method.

Coding Articles

Before assembling the first data set, my graduate assistant and | conducted a pilot study. Wefirst
devel oped aschemefor coding newspaper articlesfor information relevant to political accountability. Then
we searched the 1993 archives of four local newspapers for any articles that mentioned four local
representatives. Over the summer we went through a dozen or so cycles, first attempting to code some

*The newspapers with the most severe rates of duplicates were the San Diego Union-Tribune (26%),
Louisville Courier-Journal (22%), Los Angeles Times (15%), Houston Chronicle (12%), Rock Hill Herald (7%),
Newsday (6%), Phoenix Gazette (5%), and Seattle Times (5%). Twenty-three newspapers had at least one
duplicate. The representatives with the most wrong citations were King (19%), Archer (5%), Baker (3%), Spratt
(3%), and Quinn (2%). Twelve representatives had at least one wrong citation.
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articles, then revising the coding scheme, then coding some more articleswith the new scheme, and so on,
until we were comfortable that we had developed areliable coding schemethat severd research assstants
could use to code a large collection of newspaper articles. The complete coding instructions are
reproduced intwo documents: () Coding Newspaper Articlesin the First and Second Data Sets, and (b)
Issue and Bill Codesin the First and Second Data Sets.

The coding of the articlesin thefirst data set took place during the summer of 1995, by whichtime| had
drawn asample, assembled 8,003 articlesfrom twenty-five newspapers, and hired threefull-time assstants
to code them. My graduate assistant and | spent more than aweek training the three undergraduate
assistantsto search for the kinds of information in which | wasinterested and to use the e aborate coding
schemethat we had developed. All five of usthen did several days of practice coding. We aternated
coding identicd articlesby oursaves with group meetings in which we compared our individua code sheets
and discussed why wediverged on particular variables. Training ended when everyonewas comfortable
that we shared acommon view of each variable and when it was clear that we were coding the articles
smilarly. From that point on, the three coders worked aone, coding batches of articles on paper forms
and then entering their results into a networked database.

Inorder to guard against the coders becoming too familiar with each newspaper’ scoverage, and in order
to replicate the haphazard way in which most people read newspapers, | did not assign long runs of
consecutivestories. Every story had an identification number, so the samplewas easily divided into half
according to whether story numberswere odd or even. Coders spent thefirst half of the summer coding
odd-numbered articles— essentially every other story in achronologicd listing.”® A typica assignment
might betwenty odd-numbered storiesabout Representative Archer during early 1993, followed by thirty
odd-numbered stories about Representative Baker during late 1993, followed by twenty-five odd-
numbered stories about Representative Crapo during the 1994 campaign, and so on. After finishing dl the
odd-numbered stories, the codersreceived smilar assgnmentsfor the even-numbered stories. Each coder
read and coded articles from each of the twenty-five newspapers.

| arranged the coding assignments so that 4.5 percent of all articles would be coded twice. | told the
coderson day onethat their ass gnmentswould overlap, but | made daily assgnmentsin away that made
it virtually impossiblefor the codersto know which articleswould be (or had been) assigned to a second
coder. Coding some articlestwice served three purposes. It provided strong incentivesfor the codersto
dotheir best work. It allowed meto check their work week-by-week to make sure that they continued
to use smilar standards throughout the project. It provided agood sample of articlesfor calculating the
degree of intercoder reliability.

The identification numbers place the articles from search one in chronological order followed by the
articles in search two in chronological order; missing numbers indicate articles that we removed because they
were duplicates or because they failed to mention the representative.



First and Second Data Sets 7 R. Douglas Arnold

Coders employed sixty-eight variables to summarize the content of each story. Two variables— the
representative sidentification number and the story’ sidentification number — uniquely identified eech sory;
these variableswere sufficiently important that my graduate assi stant checked and corrected any entry
errors for these variables. A third variable required that coders make an educated guess, modest
disagreements were therefore the norm. For each of the remaining sixty-five variables, | calculated the
frequency with which pairs of coders disagreed over the 23,530 individua decisions (362 double-coded
articles times 65 variables).

Comparing the coding decisionsfor al double-coded articlesreved sahigh degree of intercoder reliability.
The codersdisagreed on only 6.4 percent of al decisions; the disagreement rate for the median variable
was 3.9 percent. Asonemight expect, disagreement was minimal for variablesthat summarized smple
facts. The codersdisagreed 1.1 percent of the time on whether a story was accompanied by a photo of
the representative, 1.4 percent on whether a story mentioned NAFTA, and 1.9 percent on whether a
representativewasidentified asthechair or ranking minority member of acommittee. They disagreed more
widely on matters that required judgment and for which there were several acceptable codes. They
disagreed 28.2 percent of thetime on what was the most prominent policy issuementioned inastory. This
rate was not surprising given that coders could select afirst, second, and third most prominent issue, and
they sometimes disagreed on which onedeserved top billing. More frequently, they disagreed on which
of the 214 possibleissue codes best described the most prominent issue; their menu included many smilar
codes, including thirty-two codesfor varioustypes of governmental expendituresand thirty-four codesfor
various aspects of defense and foreign policy. Therea newswas not that they disagreed so much, but that
they disagreed <o little.

Thefind dataset containsonly one version of the double-coded articles. | retained dl articlesfor the coder
who appeared to be most accurate (coder two), deleted all double-coded articles for the coder who
appeared |least accurate (coder three), and retained the double-coded articles for coder one whenever
coder three was the other coder. The final data set contains 3,226 articles coded by coder one (40
percent), 3,690 by coder two (46 percent), and 1,087 by coder three (14 percent).

The procedures used to code articlesin the second data set wereidentical to the procedures used for the
first. Most of the coding for the second set took place after the first data set was complete.

HOther measures of intercoder reliability exist that are more sophisticated than the rate of disagreement.
Some measures use as a benchmark the amount of agreement that one should expect purely by chance while
others take into account the extent of disagreement (miss by an inch or miss by a mile). | was sufficiently
pleased with the overall agreement among the coders that | did not calculate a full repertoire of alternative
measures. | did spend several days reading the double-coded articles along with the codes provided by each
coder to determine how and why they diverged on specific variables. My sense was that most of the
disagreements were relatively minor and that they were not likely to interfere with my basic analysis.



